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. business intelligence (BI)

. decision support system (DSS)
customer relationship management (CRM)
online analytical processing

. data mining

most-valuable customers
most-growable customers

. below-zero customers

Dashboard

10. entity-relationship diagram (ERD)
11. txrLandBill

12. txrLandPaid

13. query
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15. feature selection
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17. screening

18. missing value

19. ranking

20. selection

21. neural net
22. C&R tree
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