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ALGORITHM 1. EM (popsize, MAXITER, LSITER, J)
popsize: number of sample points

MAXITER: maximum number of iterations

LSITER: maximum number of local search iterations
d: local search parameter, ¢ € [0, 1]

1. Initialize ()

2. iteration=1

3. while iteration < MAXITER do

4. Local (LSITER, 9)

5. F=CalcF ()

6. Move (F)

7.  iteration= iteration +1

8.end while
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ALGORITHM 2. Initialize()
1:Best solution
2:for i = 1 to popsize do

3: Use K-means algorithm for x?
4: Slx)=evaluate (x9)
5: end for

6: Best solution=argmin {f{x?), V i}
ALGORITHM 3. Local(LSITER, J)

1: counter=1

2: Length= S(maxy) {uz - [;}

3:for i =1 to popsize do

4 for k=1ton do

5 4=U(0, 1)

6: while counter <LSITER do
7: y=x!

8: /2=0(0, 1)

9 if /;<0.5 then

10: Y=Vt Az

11: else

12: Yr=Ve- A2

13: end if

14: if (1) <Ax)) then

15: xi=y

16: counter =LSITER—1
17: end if

18: counter = counter +1
19: end while

20: end for

21: end for

22: x?st = argmin {fx)), V i}
ALGORITHM 4. CalcF():F

1: for i =1 to popsize do

2: cal_cute @)
3: FF=0
4: end for

5:for i =1 to popsize do
6: for j=1 to popsize do

7: if ¥ <A(x’) then
¢ g
& F"=F"+(x"—x")% {Atraction}
[le7 ==l
9: else
i
10: Fl=F' -(x’'—x ‘)% {Repulsion}
(7=l
11: end if

12: end for
13: end for

ALGORITHM 5. Move(F)
1:for i = 1 to popsize do

2 if i#1best then
3: =U(0, 1)

i

F

5 for /=1 to n do
6 if 73> 0 then
7: =Xy A F (up— xiH)
8: else
9: =X FAFY (o — 1)
10: end if
11: end for
12: end if

13: end for
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